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Predicting the Risk for Developing of Essential Hypertension
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Abstract

High blood pressure as a risk factor for heart disease,
kidney disease, coronary heart disease, stroke, heart
disease is a high mortality disease, so prevention of high
blood pressure can prevent death from heart disease and
paralysis. To prevent loss or preventive measures. And

control in time. By using data mining techniques. With
Data Classification Techniques Classification from the

Decision Tree And K-nearest neighbor to analyze and
predict the patient's risk for hypertension and compare
the results of the prediction It was found that the tree
tricks were better at 96.45 percent.
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