MIFI50VBINIDMUNANNTNUHINATANUGIUNOINYNSHANNFTD

NSV IMAIN TN FIAN

A Survey of Sentiment Classification on Sentiment Lexicon-based Techniques
for Social Network
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Abstract

The data has grown continuously from users who
to post message to sentiment of products. Many
researches use of their message in sentiment analysis
for score extraction into each feature to consumers
to make decisions about product. Many researches
have chosen SentiWordNet 3.0, which it’s lexicon for
sentiment analysis. This research has summarized of
the technique in sentiment lexicon-based, dataset,

and performance from many researches.
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