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Abstract
The oil price is the news that shows the trend of crude oil,
gasoline and diesel prices, with analysis and conclusion
from the related crude oil price situation and the factors
affecting the price of oil directly and other external

factors. I have a summary of the daily oil price. So this

article offers a model for analyzing news messages to
predict future price trends with text mining and data
mining techniques. News stories that have resulted in the
price of oil in the next day tend to rise or fall. A total of
36 factors, 110 items, were categorized into a teaching
and testing package using three different methods of data
mining. K-Nearest Neighbors K-NN), giving K equal to 3,
gave the highest accuracy of 93.14%. The decision tree
by J48 method gave 89.29% accuracy and the Naive
Bayes method. Accuracy equal to 89.39 respectively.
Keyword: Oil price, Oil Forecast, Oil Predict, Text
Mining, Data Mining.
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